Introduction
In an influential recent paper, Francis, LaFond, Olsson, and Schipper (FLOS, JAE 2005) examine whether accruals quality (AQ) is a determinant of the cost of capital.
1 FLOS use the results of time-series asset-pricing regressions to lend support to their conclusions that "information risk (as proxied by accruals quality) is a priced risk factor" (p. 296), and that "accruals quality plays a statistically and economically meaningful role in determining the cost of equity capital" (p. 315). We explain that FLOS' time-series regressions of contemporaneous stock returns on contemporaneous factor returns do not test the hypothesis that AQ is a priced risk factor. We then conduct well-specified tests for determining whether a risk factor is priced. We find no evidence that AQ is a priced risk factor.
Whether information risk is diversifiable is an open question in the theoretical
literature. Traditional asset-pricing theory (e.g., Fama, 1991) takes the position that information risk is diversifiable and should have no effect on expected returns. More recently, Easley and O'Hara (2004) develop a model in which firms with less public and more private information have greater information risk and higher expected returns. They argue that this result follows from the fact that uninformed investors are not able to adjust their portfolio weights in the same way as informed investors and, therefore, information risk cannot be diversified away. Lambert, Leuz, and Verrecchia (2006, footnote 9) , however, argue that when the number of traders becomes large, the information effect is eliminated in the Easley and O'Hara (2004) In addition, even if information risk is not diversifiable, it is still debatable whether it should be added as an extra risk factor in asset pricing models. Lambert, Leuz, and Verrecchia (2006) study how accounting information could affect the cost of capital in an economy with multiple assets. They develop a model consistent with the CAPM in which accounting information affects investors' assessments of the covariance of firm cash flows with those of the market, and therefore firm beta. Consequently, this model suggests that information risk affects firm beta, but that a well-specified, forward-looking beta would fully capture cross-sectional differences in expected returns. (Lambert et al. (2006) do suggest that if beta is measured with error, a proxy for information risk could appear to be priced if it proxies for measurement error in beta, a possibility we discuss further below.) In a similar vein, Hughes, Liu, and Liu (2005) study information risk in the context of a multi-factor asset pricing model, and develop a model that suggests that information signals are either diversifiable or are captured by existing factor risk premiums.
FLOS document a positive and significant coefficient on an AQ mimicking portfolio in firm-specific time-series regressions that correlate returns contemporaneously with the AQ factor and the Fama and French (1993) factors (market, size and book-tomarket). Specifically, they find that returns are positively correlated with an AQ_factor, where the AQ measure is greater for firms with poorer accounting quality. As we illustrate in more detail below, the fact that the average coefficient on the AQ_factor is positive and statistically significant in FLOS' asset pricing tests does not imply that the AQ_factor is a priced risk factor. Rather, the average positive coefficient indicates that, on average, the firms in the contemporaneous time-series regressions have positive exposure to the AQ_factor. To put the FLOS result in a familiar context, an analysis that finds a significant positive coefficient in a contemporaneous regression of firm stock returns on the market portfolio does not provide evidence that beta is priced, but rather confirms that the average beta in a random sample of firms is positive and mechanically close to one.
As discussed in Cochrane (2005, p. 260) , for a correctly-specified test of whether a proposed risk factor is priced, one should examine its estimated coefficient in a crosssectional regression using a two-stage cross-sectional regression (2SCSR) technique. This method provides a well-specified test of the hypothesis that a proposed risk factor explains cross-sectional variation in expected returns. For example, this method has been used over time to test the CAPM (Fama and MacBeth, 1973) , the conditional CAPM (Jagannathan and Wang, 1996) , the intertemporal CAPM (Brennan, Wang, and Xia, 2004; Petkova, 2006) , and the two-beta model (Campbell and Vuolteenaho, 2004) . In addition, in a recent working paper, Barth, Konchitchki, and Landsman (2006) use this method to test the hypothesis that greater financial statement transparency, as proxied by the value-relevance of earnings, is associated with a lower cost of capital. We apply the 2SCSR technique to test whether AQ is a priced risk factor. Our results suggest that AQ is not a priced factor since it does not carry a positive risk premium with respect to returns.
Finally, we test whether AQ, as a characteristic, predicts stock returns. We find no evidence that AQ predicts cross-sectional variation in firm-specific future returns. In addition, we test whether a mimicking portfolio strategy that buys (sells) firms with high (low) AQ earns positive abnormal returns. This test is commonly used in finance and accounting as an alternative method of documenting a relation between firm characteristics and expected returns. We find that the AQ hedge portfolio strategy does not earn positive returns, supporting the view that AQ is not a priced risk factor.
Like us, Aboody et al. (2005, p. 659) recognize that "positive loadings [on factors in contemporaneous time-series regressions] do not in themselves imply a non-zero risk premium." Although their primary focus is on whether insiders trade profitably on private information that stems from poor accounting quality, they also conduct a hedge portfolio analysis to assess the pricing of AQ. Although, consistent with our results, they find no significant evidence from asset pricing tests that AQ is priced, they offer the reader a different conclusion (p. 665-666):
Our results show that the evidence is in fact weaker than one might surmise from factor loading estimates alone. Of course, this difference in conclusion is at a quantitative level only. In the next section, we show [that the spread between lowquality and high-quality] firms is positively correlated with insider trading profits, a finding that further supports the notion that the systematic component of the asymmetric information factor is priced.
Thus, while a reader who is familiar with well-constructed tests of priced risk factors might glean from Aboody et al. that the FLOS result was weak, the point of our paper is to illustrate that the returns-based tests in FLOS are misspecified, and that well-specified asset-pricing tests show no evidence that AQ is priced.
We note that FLOS' conclusions regarding AQ as a determinant of the equity cost of capital are not based solely on the contemporaneous time-series regressions described above, but also on tests correlating AQ to industry-adjusted earnings/price ratios and the interest rate on debt (FLOS, 2005) , and to implied cost of capital estimates (FLOS, 2004 The remainder of the paper proceeds as follows. In the next section we replicate FLOS and illustrate that time-series regressions do not test the hypothesis that a factor is priced. In the third section we test whether AQ is a priced risk factor using the 2SCSR approach, and also test whether AQ as a characteristic predicts future returns. In the fourth section we conclude.
Critique of Time-Series Regressions

Replication of FLOS
FLOS create a mimicking portfolio that ranks firms into quintiles based on AQ and buys (sells) firms in the two high (low) AQ quintiles, where lower AQ is considered to be higher accounting quality. To estimate AQ, we follow FLOS (p. 302), and estimate a regression of total current accruals (TCA) on lagged, current, and future cash flows plus the change in revenue and PPE. All variables are scaled by average total assets.
where
= Change in current assets (item 4), ∆Cash = Change in cash/cash equivalents (item 1), ∆CL = Change in current liabilities (item 5), ∆STDEBT = Change in short-term debt (item 34), Dep = Depreciation and amortization expense (item 14), CFO = NIBE -TA, NIBE = Net income before extraordinary items (item 18), ∆Rev = Change in revenue (item 12), and PPE = Gross property, plant, and equipment (item 7). All variables are deflated by average total assets (item 6).
Following FLOS, we estimate the model in Equation (1) in the cross-section by year for each industry with at least 20 observations in a given year based on the Fama and French (1997) 48-industry classification. AQ at year t is the standard deviation of the firm-level residuals from Equation (1) during the years t-4 to t. Firms' accounting quality is considered to be lower when the standard deviation of accrual residuals is higher, i.e., accounting quality is inversely related to AQ. Because of the requirement of seven years of data with no missing values to estimate Equation (1), the firms for which we have estimates of AQ will tend to be larger and more successful. Following FLOS, for each firm-year observation with available data to estimate AQ, we collect 12 months of returns starting four months after the fiscal year end (for example, for a December fiscal year end firm, we collect monthly returns from April of year t+1 to March of year t+2). Note that because the estimation of Equation (1) includes cash flow from operations at year t+1, when the AQ measure is later matched to returns in year t+1, we, like FLOS, implicitly impose the requirement that returns be available for all of fiscal year t+1.
In the beginning of every month, we sort firms into AQ quintiles, and create the AQ_factor as a mimicking portfolio strategy that buys (sells) firms in the top (bottom) two quintiles. As noted in FLOS, this strategy resembles the approach used by Fama and French (1993) to create the size (SMB) and book-to-market (HML) mimicking portfolios.
In Table 1 , we replicate the time-series regressions reported in FLOS - Table 3 It is crucial to note that the average positive coefficient on the AQ_factor does not imply that it is a priced risk factor. Rather an average positive regression coefficient means that, on average, firms have a positive contemporaneous exposure to the AQ_factor mimicking strategy. For example, the significant coefficient on the market portfolio does not suggest that beta is priced, but only confirms that the average beta in a sample of firms is positive and mechanically close to one.
A reader might wonder: Don't the FLOS time-series regressions parallel the approach in Fama and French (1993) ? By parallel, don't the FLOS tests provide evidence that AQ is a priced risk factor? Fama and French (1993) use time-series regressions to build on prior evidence that book-to-market and size appear to be risk factors. Note, however, that on close examination there is not much parallel to Fama and French. First, Fama and French emphasize (p. 4 ) that their paper builds on Fama and French (1992) , which uses cross-sectional tests similar to those we employ below, to show that size and book-to-market explain the cross-section of expected returns. There is no such crosssectional asset pricing evidence for AQ, as we show below. Second, in their time-series regressions, Fama and French (p. 5 ) test whether their time-series asset pricing models are well-specified by testing whether the intercepts are jointly zero: "In these regressions, a well-specified asset-pricing model produces intercepts that are indistinguishable from 0 [Merton (1973) ]." In contrast, FLOS do not report intercepts for their time-series regressions (See Table 10 
Asset-pricing tests
Two-stage cross-sectional regressions (2SCSR)
In this section we test whether the AQ_factor is a priced risk factor using a twostage cross-sectional regression approach (2SCSR), where excess returns are regressed on risk factor betas. In the first stage, multivariate betas are estimated from time-series regressions of contemporaneous excess returns on the risk factors for a firm or a portfolio of firms. For example, when we add the AQ_factor to the Fama-French model, the multivariate betas are estimated using the following time-series regression:
First stage betas can be estimated from one time-series regression for each asset using the whole sample period ('full period' betas) or from rolling time-series regressions using rolling windows of five-year returns ('rolling' betas). Although both methods are qualitatively similar, we use the full-period beta approach because it is more common in the literature. We note, however, that the inferences are the same if the rolling beta approach is used instead.
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In the second stage, we use the Fama and MacBeth (1973) procedure to estimate monthly cross-sectional regressions of excess returns on the estimated betas. In particular, when using full period betas, the second-stage regression is one-crosssectional regression of average excess returns from April, 1971 to March, 2002 on fullperiod factor betas. For example, when we test the AQ_factor and the Fama-French factors the model is estimated as follows:
where R q -R F is the average excess return for asset q from April, 1971 to March, 2002 If the AQ_factor is a priced factor, i.e., if the AQ_factor carries a positive risk premium, then we predict a positive estimated coefficient (λ 4 ) on the AQ_factor beta. We compute standard errors in Equation (3) using the Fama and MacBeth (1973) procedure in order to mitigate concerns with cross-sectional dependence in the data. Also, because betas in the second-stage regressions are estimated betas (and not true betas), they suffer from the error-in-variables problem. We mitigate this concern by estimating the 2SCSR at the portfolio level because portfolio betas are more precise (Fama and MacBeth, 1973) .
5
We caveat this two-stage test by noting that a positive coefficient in a 2SCSR is a necessary but not sufficient condition for a candidate factor to be considered priced. The necessary condition for a priced factor is that the factor be significant in the second stage regressions. However, significance in the second stage is not a sufficient condition because such a finding can be interpreted as evidence of risk, as in Fama and French (1993) , or as evidence of mis-pricing, as in Daniel, Hirshleifer, and Subramanyam (2001) . Nevertheless, the test has been extensively used to test whether a candidate variable is a priced factor, i.e., whether it carries a positive risk premium. For instance, this method has been used to test the CAPM (Fama and MacBeth, 1973) , the conditional CAPM (Jagannathan and Wang, 1996) , the intertemporal CAPM (Brennan, Wang, and Xia, 2004; Petkova, 2006) , and the two-beta model (Campbell and Vuolteenaho, 2004) .
Most recently, this method has been used in the accounting literature to test whether the accruals anomaly reflects mis-pricing or risk (Hirshleifer, Hou, and Teoh, 2006; Khan, 2006) .
We perform the 2SCSR method on the 25 size and book-to-market portfolios used by Fama and French (1993) . Asset pricing tests using these portfolios are standard in the finance literature. Brennan, Wang, and Xia (2004) , (Campbell and Vuolteenaho (2004) , 5 An alternative approach is to correct the Fama-MacBeth standard errors using the approach of Shanken (1992) . This approach results in strictly smaller t-statistics, and may reduce our ability to find a significant relation between AQ and returns. Further, Jagannathan and Wang (1998) find that the Fama-MacBeth standard errors are appropriate when asset returns are heteroscedastic.
and Petkova (2006) use the portfolios, and find that they have sufficient power to provide evidence of nuanced, risk-based variation in returns predicted by the intertemporal CAPM and the two-beta model.
In addition, we examine alternative asset portfolios to assess the sensitivity of our results. For instance, a potential criticism of the size and book-to-market portfolios is that they might be a low power sample to test whether the AQ_factor is a priced risk factor if the portfolios do not generate enough cross-sectional variation in accruals quality. We address this concern by constructing 100 portfolios sorted on AQ and 64 portfolios sorted independently on size (market value of equity), book-to-market, and AQ. For the 100 AQ portfolios, in each month we sort firms into 100 AQ portfolios based on the AQ value at the start of the month. Following Fama and French (1993) , we compute the value- Further, examining individual returns allows us to address the potential concern expressed by Lo and MacKinlay (RFS 1990) argue that analyzing portfolios based on non-randomly chosen characteristics (i.e., size and book-to-market) could induce datasnooping biases. Table 2 presents the average coefficients of the first-stage full-period beta estimation when we estimate Eq. (2) at the portfolio level (the firm-specific regressions are presented in Table 1 ). We find that the Fama and French factors explain an average of 91%, 57% and 73% of the cross-sectional return variation in our three sets of portfolios.
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The inclusion of the AQ_factor results in a relatively small increase in the explanatory power of the models, with the largest increase in the 64 size, book-to-market, and AQ portfolios (the average r-square increases from 73% to 77%). (Note that, as with the firm level regressions in Table 1 , the portfolio level regressions examine the contemporaneous relation between excess returns and factor returns, and as such, the regression coefficients cannot be interpreted as evidence of whether a factor is priced.).
We then use the estimated betas as the explanatory variable in the second stage regressions, as in Eq. (3), to test whether the AQ_factor carries a positive risk premium. Table 3 , Panel A presents descriptive statistics for the factors used to explain the crosssection of equity returns. Shanken and Weinstein (2006) show that the factor mean is the most efficient estimator of the risk premium under the assumption that the expected return model is linear and the factor is a hedge portfolio. In this case, the mean monthly time-series premium for the AQ_factor of 0.23 implies an annual risk premium of about 3%. However, given the large time-series variation in the AQ_factor returns, the mean risk premium is not statistically different from zero. Table 3 , Panel B presents a correlation matrix of the factors used to explain the cross-section of equity returns. The AQ_factor is positively correlated with the market risk premium and the SMB factor, and is negatively correlated with the HML factor. In particular, the correlation between the AQ_factor and the SMB factor equals 0.71. This occurs because larger firms tend to have higher accruals quality (lower values of AQ) (FLOS, 2005) . Panel C shows correlations between the multivariate betas estimated using Equation (2) (2006) and Fama and French (1992) . Recall that the use of size and book-tomarket as pricing factors arose in part because of the Fama and French (1992) demonstration of the lack of evidence that the market beta is priced. The estimated coefficient on the AQ_factor is negative and not statistically significant from zero in any of the models. We also note that the estimated coefficients on the market, size and book-to-market factors are insignificant in these specifications.
However, this finding may not be surprising given that the portfolios are sorted to provide the greatest variation in AQ beta, and the variation in the other factor betas is likely reduced relative to size and book-to-market portfolios. This conjecture is confirmed in Panel C which presents the results for the 64 size, book-to-market, and AQ portfolios. In this case, the estimated coefficient on the AQ factor continues to be insignificant but the estimated coefficients on the book-to-market and market premium factors are now significant (although the estimated coefficient on the market premium factor has the opposite sign consistent with the results in Panel A).
Finally Panel D presents the results for firm-specific estimations of the 2SCSR approach. In this case, the reported coefficients are the average of 372 cross-sectional regressions of the firm-specific excess return on the estimated betas using the Fama and MacBeth procedure. We find that the estimated coefficient on the market premium beta is positive and significant and the estimated coefficient on the book-to-market factor beta is negative but insignificant (the largest t-stat equals 1.55). Most importantly, the estimated coefficient on the AQ_factor beta is positive but insignificantly different from zero.
Overall, the results in Table 4 are inconsistent with the argument that the AQ_factor carries a positive risk premium and present no evidence that AQ is a priced risk factor.
AQ and future excess returns
The analysis above tests whether AQ is a priced factor using the 2SCSR approach. In this section we test whether AQ, as a characteristic, predicts stock returns.
There are two methods commonly used for this purpose: (1) the estimation of crosssectional regressions of firm-specific returns on the firm characteristic using the FamaMacBeth method (Fama and French, 1992; Easley, Hvidkjaer, and O'Hara, 2002) ; and (2) the estimation of portfolio time-series regressions of excess returns on factor mimicking portfolios (Sloan, 1996; Pastor and Stambaugh, 2003) . We note, however, that these methods also cannot distinguish between risk and mis-pricing. For instance, Sloan (1996) and Hirshleifer et al. (2004) show large excess returns to a mimicking portfolio strategy based on accruals, and similar results can be obtained for a mimicking portfolio strategy based on standardized unexpected earnings. Nevertheless, we perform this analysis for completeness, because evidence of predictable abnormal returns suggests that existing asset pricing models do not explain the cross-sectional variation in returns. Table 5 presents the results of the first of the two methods described above, specifically, monthly cross-sectional regressions of future firm-specific excess returns on beta, size, book-to-market, and AQ. For comparability with FLOS, we rank AQ every month into deciles and use the ranked version of AQ in the model (results are the same with the continuous AQ variable). The estimated standard errors and t-statistics are computed using the Fama and MacBeth method. As before, we match annual estimates of firm characteristics to monthly returns in the next 12 months starting four months after the fiscal year end. We estimate Beta from a firm-specific market model regression of monthly returns over the past five years ending at the end of the previous fiscal year; we require a minimum of 18 monthly returns available for each firm to estimate Beta. Size is the natural logarithm of the market value of equity and Book-to-Market is the natural logarithm of the ratio of the book value of equity to the market value of equity at the end of the previous fiscal year.
In the first regression model reported in Table 5 (top row), AQ is the only firm characteristic used to predict returns. In this case, we find that the estimated coefficient on AQ is positive but not significant. In the second regression, we add Beta and find that Beta is not significantly associated with future returns, consistent with results in Fama and French (1992) and in Easley, Hvidkjaer, and O'Hara (2002) . Further, the estimated coefficient on AQ continues to be positive and insignificant. In the bottom row, we include Size and Book-to-Market in the regressions because these variables have been
shown to predict the cross-sectional variation in returns (Fama and French, 1992) .
Consistent with prior literature, we find that Size is negatively associated with future returns and that Book-to-Market is positively associated with future returns. In this model, the estimated coefficient on Beta is again insignificant, and the estimated coefficient on AQ remains insignificant, although it changes sign to become negative.
Overall, the results in Table 5 provide no evidence that AQ predicts cross-sectional variation in future realized returns.
In Table 6 we present the results of the second of the two methods described above to test whether AQ predicts future returns. Specifically, we test whether a portfolio strategy that buys (sells) firms in the top (bottom) AQ quintile earns positive abnormal returns. We form AQ quintiles by sorting firms on AQ on a monthly basis. We expect that, if AQ is a priced risk factor, then the portfolio of high AQ firms should consistently earn higher returns than the low AQ portfolio, and this difference in returns should not be explained by existing risk factors. In addition, we present the results for two sub-periods. In the second set of results, we present abnormal returns after controlling for the market risk premium. Consistent with FLOS (Table 2, who argue that an increase in information quality will cause beta to decrease. However, after controlling for the market risk premium, the abnormal returns across the AQ quintiles decrease and the hedge portfolio earns smaller returns. For example, after controlling for beta the hedge portfolio earns 0.09% a month in the first sub-period, 0.14% a month in the second sub-period, and 0.14% a month in the whole period. This finding is also consistent with Lambert et al.'s (2006) prediction that if a well-specified, forward-looking beta can be estimated, such a beta will fully capture cross-sectional differences in the cost of capital.
Finally, the last set of results in Table 6 -Panel A reports abnormal returns after controlling for the Fama and French three-factor model. In this case, the betas for the market risk premium are still higher in the highest AQ portfolios, but the spread is smaller. In addition, the estimated coefficients on the SMB factor are larger for firms in the top AQ quintile (e.g., 0.39 versus 1.36 for the full period), which is consistent with findings in FLOS and our previous findings that the AQ mimicking strategy and the SMB premium are highly correlated. Another interpretation of this result is that firms in the bottom (top) AQ quintile are likely to be large (small) firms. In fact, after controlling for the Fama and French risk factors the hedge portfolio earns -0.23% a month in the first sub-period, 0.41% a month in the second sub-period, and 0.19% a month in the whole period.
In Panel B of Table 6 , we repeat the hedge portfolio regressions after sorting firms monthly based on the AQ beta instead of AQ. This approach allows comparability with the results in Aboody et al. (2005) . For this test, we estimate a firm's AQ beta for a given firm-month using firm-specific time-series regressions of excess returns on the (2006) show that AQ loses significance in the earnings-to-price and interest rate regressions when idiosyncratic risk is introduced. They interpret this as evidence that operating volatility, not information risk, is the priced factor (although the theoretical basis for why operating volatility is priced is also unclear). However, as we now illustrate in Table 7 , the relation between AQ and the implied cost-of-capital appears to be very robust.
In Column I of To better understand the contrasting evidence between the returns-based tests and implied cost-of-capital tests, in Columns III through VI of Table 7, In Column VII, we use the same variables to predict future returns, but without imposing the restriction that data on AQ and the VL cost-of-capital be available.
Relaxing this restriction increases the sample size from 809 observations per year to 4,288 observations per year. Consistent with Fama and French (1992) , these return results suggest that only size and book-to-market are priced. In contrast, the implied COC results for the smaller sample in Column II could be interpreted as beta, size, book-tomarket, idiosyncratic risk, negative momentum, and accounting quality being priced.
10 Our inference is the same if we examine instead one-year returns.
How should researchers weigh this contrasting evidence? In particular, how should researchers interpret the finding that firms with lower accounting quality have higher implied expected rates of return, but that investors buying these low accounting quality stocks do not, on average, earn higher future stock returns? Some researchers note that realized returns can be a poor proxy for expected returns when information surprises do not cancel out over the period of a study (Elton, 1999; Easton and Monahan, 2005) .
Biases in realized returns, however, will only affect inferences based on cross-sectional studies if the information surprises are correlated with the variable of interest. FLOS (2005) recognize this point explicitly:
We note, however, that the main criticism against using realized returns to proxy for expected returns is that realized returns may be biased over the period of study (Elton 1999; Fama and French 2002) . For example, if there is systematic good news during the sample period, realized returns will be upwardly biased proxies for expected returns. In general, such bias will not affect analyses of crosssectional variation in expected returns; only if the bias is correlated with the investigation variables will inferences be affected. On this point, we are not aware of any study that links bias in realized future returns with the earnings attributes we examine. Further, we note that the cross-sectional determinants of ex ante cost of equity proxies (such as VL CofC estimates) are the same as the cross-sectional determinants of realized returns (beta, size, book-to-market; see Further, there are recognized difficulties in drawing inferences about the determinants of expected returns from relations between firm characteristics and cost-ofcapital measures. For example, the cost of capital estimates generated by the FamaFrench three factor model are constructed using realized stock returns and are, by construction, highly correlated with beta, size and growth. Yet, these estimates are widely believed to measure the cost of capital with considerable error. Moreover, there is considerable disagreement in the literature as to whether commonly employed implied cost-of-capital measures are substantially less noisy estimates of expected returns than traditional returns-based measures (e.g., Easton and Monahan, 2005; Guay, Kothari, and Shu, 2006) . Finally, it is useful to note that many of the "accepted" risk factors, such as beta, size and book-to-market were originally developed and tested using realized stock returns.
Conclusion
Whether accounting quality in general, and accruals quality in particular, affects the cost of capital is an important subject for researchers and practitioners. While the intuition of many people is that information matters for the capital markets, there is no well-accepted theory that proves that information risk is not diversifiable. In the last year, the theoretical case for information effects on the cost of capital has grown weaker. Lambert et al. (2006) show that the information effect in Easley and O'Hara (2004) is diversifiable. They also seem to nuance Leuz and Verrecchia (2005) in the sense that information risk does not affect expected returns directly but may affect them indirectly through a link with beta. On the other hand, in contrast to the theory literature, a variety of existing empirical work, including FLOS (2004 and , presents almost unanimous evidence that accounting quality matters for expected returns. Accordingly, it seems important that theoretical and empirical researchers come to more agreement on these important issues before they are considered closed.
Our paper contributes to this literature in the following ways. First, we point out that the time-series regressions of contemporaneous excess returns on risk factor returns conducted by FLOS do not provide evidence that a candidate asset (e.g., the AQ factor) is a priced risk. Thus, these tests do not update beliefs about whether or not accounting quality, though important and interesting, affects expected returns. Second, we test whether AQ is a priced risk factor using the technique shown to be appropriate for this purpose in the finance literature: two-stage cross-sectional regressions (2SCSR) of excess returns on factor betas (Cochrane, 2005, p. 260) . For completeness, we also examine cross-sectional regressions of returns on AQ and a mimicking portfolio strategy. Using these traditional tests, we find no evidence consistent with the hypothesis that accruals quality is a priced risk factor.
It is important to note that tests based on the VL implied cost of capital such as those used by FLOS (2004) show strong support for the hypothesis that AQ is priced. As briefly noted above, implied cost of capital measures more regularly provide the anticipated coefficient signs and significance levels on beta as compared to tests on future returns such as those in this paper, Fama and French (1992) , and Petkova (2006) . Some researchers have recognized that realized returns can be a poor proxy for expected returns when information surprises do not cancel out over the period of a study (Elton, 1999; Easton and Monahan, 2005) . Others, such as FLOS (2004, pp. 1000-1002) , argue that potential bias in average realized returns are unlikely to cause inference problems in asset pricing tests of cross-sectional variation in expected returns as those conducted in their paper and in this paper. We expect that the relative merits of proxies for expected returns will remain the subject of much research. Nevertheless, we believe it is important for researchers to know that traditional asset pricing tests show no support for the hypothesis that accruals quality is priced. This table presents average coefficient estimates and average r-squares of time-series regressions of monthly contemporaneous portfolio excess stock returns (stock return minus the risk-free rate) on the Fama-French three factors and the AQ_factor. The first two-columns consist of 25 size and book-to-market portfolios, the next two columns consist of 100 AQ portfolios, and the last two columns consist of 64 size-BM-AQ portfolios. R M -R F is the excess return on the market portfolio. SMB is the return to size factor mimicking portfolio. HML is the return to book-to-market factor-mimicking portfolio. AQ factor is the return to the accruals quality factor-mimicking portfolio for AQ. Beta is estimated from a market model regression for each firm of monthly returns over the past five years ending at the end of the previous fiscal year; we require a minimum of 18 monthly returns available for each firm to estimate Beta. Size is the natural logarithm of the market value of equity and Book-to-Market is the natural logarithm of the ratio of the book value of equity to the market value of equity at the end of the previous fiscal year. AQ Decile is the decile rank of AQ in a given year. Reported t-statistics are computed using the Fama-MacBeth (1973) This panel presents estimated coefficients and t-statistics of portfolio time-series regressions of excess portfolio returns on the market risk premium and on the Fama-French three factors. Five equal-weighted portfolios formed by sorting monthly on b AQ factor . b AQ factor is estimated each month using firm-specific timeseries regressions of excess returns on the Fama and French (1993) three factors plus the AQ factor using past returns from the previous 36 months. R M -R F is the excess return on the market portfolio. SMB is the return to size factor mimicking portfolio. HML is the return to book-to-market factor-mimicking portfolio. The last column presents estimated coefficients and t-statistics on a hedge portfolio that buys portfolio 5 and sells portfolio 1. Brav et al. (2005) . The four quarterly estimates are measured starting four months after the end of the fiscal year. BHR is the buy-hold return for the 12-month period starting four months after the end of the fiscal year. Beta is estimated from a market model regression for each firm of monthly returns over the past five years ending at the end of the previous fiscal year; we require a minimum of 18 monthly returns available for each firm to estimate Beta. Size is the natural logarithm of the market value of equity and Book-to-Market is the natural logarithm of the ratio of the book value of equity to the market value of equity at the end of the previous fiscal year. AQ Decile is the decile rank of AQ in a given year. Idiosync Vol. is the standard deviation of the residuals of a regression of monthly returns on the market factor during the previous 36 months. Reported t-statistics are computed using the Fama-MacBeth (1973) procedure for the 27 yearly estimations and adjusted for autocorrelation using the Newey-West procedure. 
